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Abstract :- One main reason is to resolve the problem that currently exists in process discovery algorithms 

such as unable to discover accurate and comprehensible process models out of event logs stemming from highly 

flexible environments. To overcome these problems proposed system aims to provide an automatic way for 

software engineers to generate mined models from systematic event logs specification include problem solving, 

working to benefit others and technical challenge. This system initially first converts the Systematic Event Logs 

into some intermediate form such as translated tokenized log file and keyword filtered log file. Such format is 

quite helpful as it is base on higher order logic, easy to machine process and easy to understand by human brains 

also.Then this filtered log file format is analyzed to extract the information like Similarity matrix, Frequency 

count, Most read/write data, Database queries and these event logs information are used to build the clusters. 

Further system would generates the clusters using ActiTraC algorithm to provide refined description of 

generated models thus incorrectness and extra overhead in analysis phase of model development is removed to 

considerable extent.  
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I. INTRODUCTION 
The main objective of process mining encompasses “techniques, tools and methods to discover, monitor, 

control, data, organizational, and social structures and improve real processes by extracting knowledge from 

event logs. The basic idea is to extract knowledge from event logs recorded by an information system. Process 

mining has proven to be a valuable tool for analyzing operational process executions based on event logs. 

Existing techniques perform well on structured processes, but still have problems discovering and visualizing 

less structured ones. Unfortunately, process mining is most interesting in domains requiring flexibility. An 

approach using trace clustering[5], i.e., the event log is split into homogeneous subsets and for each subset a 

process model is created. 

In particular, process mining techniques are highly suitable in flexible environments such as Healthcare, 

Customer Relationship Management (CRM), Product Development, Workflow Management (WFM), Enterprise 

Resource Planning (ERP), Business to Business (B2B), and Supply Chain Management (SCM) systems and so 

on [3]. The aim of process mining is the extraction of information about real time processes. The data that is 

generated during the execution of real time processes in information systems is used for reconstructing process 

models. These models are useful for analyzing and optimizing processes. Process mining is an innovative 

approach and builds a bridge between data mining and process management. 

 

II.  BACKGROUND 
The first point for process mining is an event log. Each event in such a log refers to an activity[5]  and is related 

to a particular process instance. The events belonging to a process instance are ordered. Event logs can store 

additional data about events. Process mining techniques use supplementary information such as the resource 

executing or initiating the activity, the event’s time stamp, and other data attributes. Attributes store additional 

information that can be used for analysis purposes. 

An event log is basically a table. It contains all recorded events that relate to executed business activities. A 

process model is an abstraction of the real world execution of a process. The event logs as a set of events that 

are mapped to the same case. The sequence of recorded events in a case is called trace. The model that describes 

PROCESS MINING BY USING EVENT LOGS  
 



International  Journal of Emerging Trend in Engineering and  Basic Sciences (IJEEBS) 

                    ISSN (Online) 2349-6967   Volume  2 , Issue 1(Jan-Feb 2015), PP1-5 

 

www.ijeebs.com                                                                691 | Page 

the execution of a single process instance is called process instance model. A process model abstracts from the 

single behavior of process instances and provides a model that reflects the behavior of all instances that belong 

to the same process. Cases and events are characterized by classifiers and attributes. Classifiers ensure the 

distinctness of cases and events by mapping unique names to each case and event.  

First, analysts use process discovery techniques [1] to evaluate a model from an event log. Analysts then apply 

conformance checking techniques to diagnose deviations between the event log and initial process model. After 

that, during model enhancement, analysts use information from the log to repair or extend the model. They can 

use time stamps to add timing information such as waiting times and service times to the model. Then the 

resulting enhanced process model can support decision making[1]. 

 

 

Fig1 : Basic Concept Flow. 

 

III. PROPOSED SYSTEM METHODOLOGY 

This system initially first converts the systematic event logs into some intermediate form such as translated 

tokenized log file and keyword filtered log file. Such format is quite helpful as it is base on higher order logic, 

easy to machine process and easy to understand by human brains also. Then this filtered log file format is 

analyzed to extract the information like Similarity matrix, Frequency count, Most read/write data, Database 

queries and these event logs information are used to build the clusters.  

Further system would generates the clusters using ActiTraC[6] algorithm to provide refined description of 

generated models thus incorrectness and extra overhead in analysis phase of model development is removed to 

considerable extent. Then these clusters are compared with mined process definition. After this comparison 

proposed system generates mined process models. To do so, system would have to extract Systematic Event 

Logs from given process information and then transforms the real time event logs to transformed cases( it 

contains tokenized and filtered logs) and then use the ActiTraC algorithm to constructs clusters from filtered log 

file. After that these clusters are compared to the standard mined process definition and generate mined process 

models. Finally generates a prediction analysis of mined process models [2]. 

 



International  Journal of Emerging Trend in Engineering and  Basic Sciences (IJEEBS) 

                    ISSN (Online) 2349-6967   Volume  2 , Issue 1(Jan-Feb 2015), PP1-5 

 

www.ijeebs.com                                                                692 | Page 

Fig 2 : Proposed Architecture of a System 

 

Here take the input from user, which is a systematic event logs file. Convert this event logs file into Translated 

Tokenized logs file through the log transformation phase. Then the tokenized logs file is then processed through 

the detailed filtering process [4] which filters the stop words, common words. On the output of filtering step we 

apply our rules on selection criteria’s of ActiTraC algorithm on the basis of which actors, events, candidate 

classes, their attributes, their relationships are extracted. Our rules process filtered log file and generates clusters 

of similarity matrix, mostly used operators/operands, most read/write data, database queries. After that these 

clusters are compared to the process mining definition and generate mined process models. 

 

Following steps are used:- 

1. Transform and Tokenize Event Logs file using string tokenizer and generate transform cases.  

2. Filter this tokenized file with token filter and it filters keywords  like Stop words and Common words. 

This filtered logs file is generated for further use. 

3. Use ActiTraC algorithm and generates different types of clusters from different real time event logs file 

information.  

4. The outputs of the algorithm i.e. different clusters are then transferred to the next phase.  

5. Compare derived clusters from step 3 with the standard process mining definition.  

6. In this step, the result of the comparison phase is gathered.  

7. Finds which clusters are mined from step 6. 

8. Collects the mined models from step 7.  

9. Predict future analysis for mined process models.  

 

IV. ADVANTAGES AND DISADVANTAGES 

Advantages:- 

1. Proposed system may be used across all domains over unlimited requirement size expressed in systematic 

log file requirement size to generate analysis phase software elements and models. 

2. Proposed system would be very useful in understanding functional requirements because it gives list of 

group of clusters that represents the behaviour of system.  

3. Proposed system may be used to motivate Software Engineers include problem solving, working to benefit 

others and technical challenge. 
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4. Proposed system does not reflect the complex needs of Software Engineers in application development 

stages, cultural and environmental settings. 

Disadvantage:- 

 

1.  Software application should capable of log generation. 

2. Tables used in a database for software development should follow naming conventions. 

3. Software development language must include naming conventions, encapsulation, classes/methods. 

4. The input query should match the exact query format. 

V. CONCLUSION 

Many Process mining algorithms are unable to discover actions in the process of creation of  mined process 

models from systematic real time event logs of highly flexible environments such as  representational bias 

Inability to represent concurrency, Inability to deal with (arbitrary) loops, Inability to represent silent actions, 

Inability to represent duplicate actions, Inability to model OR-splits/joins, Inability to represent non-free-choice 

behavior, Inability to represent hierarchy, Inability to deal with noise, completeness. 

The key finding is that the published models of motivation in software engineering are disparate and do not 

reflect the complex needs of software engineers in application development stages. To resolve these inability 

issues in the development of constructing mined process models from event logs of real time processes, this 

proposed system use ActiTraC algorithm. To evaluate a new approach using trace clustering, to construct 

improved process models and to resolve the problem that currently exist in process discovery algorithms such as 

unable to discover accurate and comprehensible process models out of event logs stemming from highly flexible 

environments.  
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